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A unified control mechanism for action planning, execution, dialogue, and inference for the
reward maximization
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We are developing an Al architecture that uses recursive reinforcement learning to control thought and behavior,
in order to realize artificial general intelligence in the future. Agents will act on the environment, interact with
others, and reason about the state of the environment under unified control in order to maximize rewards. In the
future, we plan to implement a mechanism that allows agents to synthesize the control program based on their own
experiences. In this paper, we describe the overall architecture and propose a mechanism for action planning that
works on top of it. We implemented a prototype system of the proposed mechanism and verified its operation.
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