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Instrument Identification in Polyphonic Music: Feature Weighting Based on

Mixed-Sound Template and Use of Musical Context
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Fig.1 Construction of a mixed-sound template.
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Fig.2 Basic idea for using musical context.
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Fig.4 Flow of our instrument identification method.
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Table 2 Extraction of parts from the main four ones.
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Table 4 Instrument candidates for each part.
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Table 5 Number of notes in mixed-sound templates.

S+D S+D+T 00000

PF [ 31,334 83,491 24,784

No.13 CG|23,446 56,184 10,718
OO0 VN|14,760 47,087 9,804
CL| 7,332 20,031 4,888

FL| 4,581 16,732 3,043

PF | 26,738 71,203 21,104

No.16 CG | 19,760 46,924 8,893
OO0 VN|12,342 39,461 8,230
CL| 5,916 16,043 3,944

FL| 3,970 14,287 2,632

PF | 23,836 63,932 18,880

No.17 CG|17,618 42,552 8,053
000 VN|11,706 36,984 7,806
CL| 5,928 16,208 3,952

CL| 3,613 13,059 2,407

S+DO00O00O+000
S+D+TOOO0O0+000+000
oooo0o0oo0o0o 3s0oo0ooooooooooooooa

gboooooooooooooo 3gooodaoa
goooooooobooooobobooooloooo

0000000 011PFNOM, 091CGAFM, 151VNNOM,

311CLNOM, 331FLNOMO O OOOOOoOOoooooo
jdjooooooooopoooooooooooo
goooooooooo 400000000b0booo
gooooOooooooooOooooooooon 48
goooooooooo

6.2 00O 10 Leave-one-out

0000000000000 Leave-one-out 00O 0O
jddoooooooosooool1oooooooo
jddooopooOoooOo1ggooooooooo
gooooo3ooooooooooooooooo
gooooooooooooobooOoooooooo
gooooooooooOooo+00O0mObOo
goooooooOooboocoo+00O0400000
joddooooodo soooooooooooo
jdjooooo@ooooooooooooo
0o0dooooooooooooobo 5000000
jodooodooUoooo 1sooooooooogod



goooooooooooooooooooooooOoooooooooooooooooobooboooboo

06 U0 100000000Leave-one-out 0000000 75%000000
Table 6 Results of Experiment 1.
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Table 7 Weights of features obtained from the
DAMS method.
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A|D 20 [11] (~0.56), [20] (~0.58)
M|0 30 [4](0.39),[5](0.53), [42] (—0.43)
s|0 40 [3](-0.39), 5] (0.48), 8] (0.32), [12] (~0.39)
0|0 10 [20] (0.33), [30] (~0.41), [40] (~0.42)
0|0 20 [11] (~0.55), [20] (~0.30)
0|0 80 [19] (—0.31), [20] (—0.42), [42] (—0.36)
0 40 [12] (~0.34), [40] (0.60)
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Table 8 Results of Experiment 2.
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Table 9 Instrument combinations in Experiment 3.
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Table 10 Comparison of the full set and the subset

of instrument combinations.
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Fig.5 Comparison of using only PCA and using

PCA and LDA together.
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