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Abstract
The most common approach is to work at lexicon level, by simply adding phonetic sequences to a basic lexicon.

To better model pronunciation variations is an important issue in spontaneous speech recognition.

However, it is also known that adding too many variants increases acoustic confusability between words and
sometimes even decreases the recognition performance. To solve this problem, we propose a novel dynamic
pronunciation modeling using confusion networks and unconstrained speech recognition. In our experiments

using the corpus of spontaneous Japanese (CSJ), the effectiveness of the proposed method was confirmed.
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AP TIX, confusion network[13] & F\V 7z $i7z 72
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CHRLEESRI LESLT LOBETRN). 7,
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ENERIND.
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HFEEEICHT DA HEEOBRMAIER, T HRER) Z0REFF
LTRL. ZITR, BEES 7 7HICiEEn R
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BEfE % EBRAIZKD 572H1Z, development & » b
LLTERT—# LB 2mEEAELE.
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