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Design and Evaluation of a
Musical Mood Trajectory Estimation Method
Using Lyrics and Acoustic Features

N. Nismikawa, ! K. Itoyama,! H. FujiHARA, 213
M. Goto," T. Ocaraf! and H. G. Okuno f!

This paper describes a method that represents an overall musical mood tra-
jectory (time-varying impressions) of a song by using two mood trajectories
estimated for both of the lyrics and audio signals. The mood trajectory of the
lyrics is obtained by using the Probabilistic Latent Semantic Analysis (PLSA)
to estimate topics (representing impressions) from words in the lyrics. The
mood trajectory of the audio signals is estimated from acoustic features by
using the Multiple Linear Regression Analysis. In our experiments, mood tra-
jectories of 175 songs by The Beatles are estimated and clustered into several
classes. Comparison of acoustic features within each class and comparison of
social tags and mood trajectories showed that the estimated mood trajectories
is suitable and can represent time-varying impressions of songs.
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