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Learning of Neural Bayesian Network for Office-Conversant Robot
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Abstract:
abilities is introduced. In order to apply Bayesian network to real world applications, for example

Bayesian network system using neural networks for representation of conditional prob-

office-conversant robot, continuous real value or discrete multi-value should be treated easily in the
system. Then we propose neural-bayesian network modeling, which uses multi-layer parceptrons to
represent conditional probability in each node. In this paper, learning scheme is also shown through

mobile robot navigation task.
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