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Daniel J. Felleman and David C. Van Essen
Distributed Hierarchical Processing in the Primate Cerebral Cortex
Cerebral Cortex 1991 1: 1-47
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« [Lee and Mumford 2003]

» [George and Hawkins 2005]

» [Rao 2005]

 [Ichisugi 2007] [Ichisugi 2010] [Ichisugi 2011] [Ichisugi 2012]
« [Rohrbein, Eggert and Korner 2008]

e [Hosoya 2009] [Hosoya 2010] [Hosoya 2012]

 [Litvak and Ullman 2009]

o [Chikkerur, Serre, Tan and Poggio 2010]

» [Hasegawa and Hagiwara 2010]

o [Dura-Bernal, Wennekers, Denham 2012]
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[Pandya and Yeterian 1985]

Pandya, D.N. and Yeterian, E.H., Architecture and connections of cortical
association areas. In: Peters A, Jones EG, eds. Cerebral Cortex (Vol. 4):
Association and Auditory Cortices. New York: Plenum Press, 3-61, 1985.

Gilbert, C.D., Microcircuitry of the visual-cortex, Annual review of
neuroscience, 6: 217-247, 1983.
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This figure is taken from the following Web page.
http://web.sc.itc.keio.ac.jp/anatomy/brodal/chapter12.htmi
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BESOM-lab Ver.3.0
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[ BESOM download |

http://staff.aist.go.jp/y-ichisugi/besom/download.html
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