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A neuromorphic vision sensor with adaptive response based on

entropy maximization
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Abstract— A vision sensor with adaptive re-
sponse was implemented. To maximize the amount
of information expressed in each image, the sensor
exploited multiple logarithmic luminance-to-voltage
transfer characteristics, and entropy based adaptation.
By adjusting the logarithmic characteristics, the sen-
sor adapts to the environmental illumination so that
the output image data distributes across the available
voltage range. The appropriate logarithmic property
was determined based on entropy maximization. The
quality of the output image was maintained irrespec-

tive of illumination changes.
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