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Abstract —Automatic estimation of neuronal dynamics
using channel conducntances has been so far studied. For
the estimation, fully-connected, and elman-type recurrent
neural network and time-delayed neural network can be
used. For learning the network various training data by
manipulating fixed potentials can also be chosen. In this
study, we investigate influences of used the neural
networks and the training data to estimate a neuronal
dynamics.
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