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An Investigation Regarding Learning and Control Performances
Between the SOAC and the MPFIM
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Abstract— This study aims at a comparison of
a control performance between the multiple paired
forward and inverse models (MPFIM) and the self-
organizing adaptive controller (SOAC) proposed by
the authors. Study results show that the performance
of the SOAC is better than that of the MPFIM in all
cases we examined.
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