googoogn 20080 90

gooobobbodgoobbbgoooobbuooooobbod
Joooobogogoon

Simultaneous dimension reduction and clustering for non-Gaussian

high-demensional data and application to pattern recognition
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Abstract— In this paper, we introduce a latent
variable model for the exponential principal compo-
nent analysis (e-PCA) and present a simultaneous
clustering and dimensionality reduction technique us-
ing the mixture of exponential family distributions
whose parameters are constrained to a low dimensional
subspace. We derive a variational Bayesian learning
algorithm using Laplace’ s method to intractable inte-
gration and apply the present method to the MNIST
handwritten digits data.

Keywords— Dimensionality reduction, Clustering,
Mixture of exponential family distributions, e-PCA
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p(x,2lw) =TT, farp(x10(wi)) 1. (4)
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