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Instrument Identification in Polyphonic Music: Feature Weighting Based on

Mixed-Sound Template and Use of Musical Context
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Fig.1 Construction of a mixed-sound template.
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Fig.2 Basic idea for using musical context.
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Fig.4 Flow of our instrument identification method.
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Table 2 Extraction of parts from the main four ones.
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Table 4 Instrument candidates for each part.
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Table 5 Number of notes in mixed-sound templates.
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Table 6 Results of Experiment 1.
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Table 7 Weights of features obtained from the
DAMS method.

D|0 10 [15] (0.31), [16] (0.31), [30] (0.32), [40] (0.40)
A|D 20 [11] (~0.56), [20] (~0.58)
M|0 30 [4](0.39),[5](0.53), [42] (—0.43)
s|0 40 [3](-0.39), 5] (0.48), 8] (0.32), [12] (~0.39)
0|0 10 [20] (0.33), [30] (~0.41), [40] (~0.42)
0|0 20 [11] (~0.55), [20] (~0.30)
0|0 80 [19] (—0.31), [20] (—0.42), [42] (—0.36)
0 40 [12] (~0.34), [40] (0.60)
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Table 8 Results of Experiment 2.
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Table 9 Instrument combinations in Experiment 3.
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Table 10 Comparison of the full set and the subset

of instrument combinations.
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Fig.5 Comparison of using only PCA and using

PCA and LDA together.
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